Abstract

Introduction: The opioid epidemic in

the USA with over 90% of overdose-
related deaths involving opioids,
highlights the urgent need for
effective treatment strategies.

Motivation: This study explores how
different referral sources influence
treatment completion rates in
substance abuse programs to
Improve patient outcomes.

INABILITY TO ACCESS TREATMENT
‘
96% ‘ 19%

OF STATES HAD OUD RATES
HIGHER THAN TREATMENT
CAPACITY

80.6%

OF PEOPLE WITH OUD DO
NOT RECEIVE MEDICATION-
ASSISTED THERAPY

OF CERTIFIED OTP
OPERATED AT 80%
CAPACITY OR MORE IN 2012

Objective

e Evaluate how the source of
referral affects the completion
rates in treatment programs.

e |dentify potential .
challenges or
confounding factors
affecting treatment
outcomes.
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Research

Background: We analyzed patient treatment outcomes for
substance abuse disorders using record from the 2015 to 2021
Treatment Episode Dataset: Discharges (TEDS-D). Our goal is to

understand how different referra

healthcare provider, criminal justi

sources (self-referred,
ce, etc.) Impact treatment

completion. By identitying key factors influencing treatment
duration, we aim to improve treatment strategies and

outcomes.

Hypothesis: \We hypothesized criminal justice referrals would
have lower completion rates due to stay lengths and co-
occurring disorders. Surprisingly, our analysis showed these
factors positively correlated with higher completion rates,
challenging our assumptions and suggesting new treatment

strategies.

Analysis: Individuals whose highest completed level of
education 1s 'Grades 9 to 11' are 15% more likely to complete the

treatment compared to the base

level of ‘Grade 12 or GED' (OR =

1.15). Those receiving 'Detox, 24-hour, hospital inpatient' services
are 10% less likely to complete the treatment compared to the

base level of 'Ambulatory, non-intensive outpatient' services (OR

= 0.90). Individuals referred by the criminal justice system are
25% less likely to complete the treatment compared to self-

referred

iIndividuals (OR = 0.75). The ATT value of 0.137 indicates

a 13.7% increased likelihood of the outcome for treated
Individuals. Confounders are adjusted for in the model to isolate

the treatment effect.

Completion Rates by Referral Source for Patients Suffering from OUD
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Results

Conclusion: Patients referred by the criminal justice system
showed higher treatment completion rates than self-referred
patients. Employer-referred patients had the highest
completion rates, linked to longer stays. Confounding factors
like length of stay and co-occurring disorders revealed strong

positive correlations.

Future Plans: Despite current gaps in understanding OUD

severity, admission counting biases, and potential unknown

confounders, we view these cha

growth. Further research will refi

lenges as opportunities for
ne our understanding and

Improve accuracy, ultimately enhancing efforts to address

OUD epidemic.

Statistical Models Used

Chi-Squared test

Excludes variables
INncluded: age,
gender, marital

Logistic Regression

Provides the odds ratio if a
patient will complete
treatment based on a

specific variable.

Outcome Adaptive
Elastic Net (OAENet)

Determines the
confounding
variable for each type
of treatment the patient

status, etc. underwent.
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Treatment Episode Data Set: Discharges
(TEDS-D)
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